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Abstract
This study examined the factor structure of the Wechsler Intelli-

gence Scale for Children-Fifth Edition (WISC-V) with four standard-

ization sample age groups (6–8, 9–11, 12–14, 15–16 years) using

exploratory factor analysis (EFA), multiple factor extraction crite-

ria, and hierarchical EFA not included in the WISC-V Technical and

Interpretation Manual. Factor extraction criteria suggested that one

to four factors might be sufficient despite the publisher-promoted,

five-factor solution. Forced extraction of five factors resulted in only

one WISC-V subtest obtaining a salient pattern coefficient on the

fifth factor in all four groups, rendering it inadequate. Evidence did

not support the publisher's desire to split Perceptual Reasoning into

separateVisual Spatial and FluidReasoning dimensions. Results indi-

cated that mostWISC-V subtests were properly associated with the

four theoretically oriented first-order factors resembling theWISC-

IV, the g factor accounted for large portions of total and common

variance, and the four first-order group factors accounted for small

portions of total and common variance. Results were consistentwith

EFA of theWISC-V total standardization sample.

K EYWORDS
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TheWechsler Intelligence Scale for Children-Fifth Edition (WISC-V;Wechsler, 2014a) includes 16 intelligence-related

subtests, five first-order factor index scores (Verbal Comprehension [VC], Visual Spatial [VS], Fluid Reasoning [FR],

WorkingMemory [WM], and Processing Speed [PS]), and the hierarchically ordered Full Scale score (FSIQ). TheWord

Reasoning and Picture Completion subtests of theWechsler Intelligence Scale for Children-Fourth Edition (WISC-IV;

Wechsler, 2003) were removed and three new subtests were added. New subtests include Picture Span (adapted from

Psychol Schs. 2018;55:741–769. wileyonlinelibrary.com/journal/pits c© 2018Wiley Periodicals, Inc. 741

0 1 
t) 

t) I 

WILEY 

http://orcid.org/0000-0002-5347-6534
http://orcid.org/0000-0002-8057-3751
http://orcid.org/0000-0001-6352-7174


742 CANIVEZ ET AL.

theWechsler Preschool and Primary Scale of Intelligence-Fourth Edition [Wechsler, 2012]) to measure visual working

memory and Visual Puzzles and Figure Weights (adapted from the Wechsler Adult Intelligence Scale-Fourth Edition

[Wechsler, 2008]) to measure visual spatial and fluid reasoning, respectively. Separating the former Perceptual Rea-

soning factor into separate and distinct Visual Spatial and Fluid Reasoning factors was a major goal in developing and

marketing theWISC-V.

The WISC-V includes seven “Primary” subtests (Similarities [SI], Vocabulary [VC], Block Design [BD], Matrix Rea-

soning [MR], Figure Weights [FW], Digit Span [DS], and Coding [CD]) that are used in producing the FSIQ; and three

additional “Primary” subtests (Visual Puzzles [VP], Picture Span [PS], and Symbol Search [SS]) that are used in produc-

ing the five-factor index scores (two subtests each). There are six “Secondary” subtests (Information [IN], Comprehen-

sion [CO], Picture Concepts [PC], Arithmetic [AR], Letter–Number Sequencing [LN], and Cancellation [CN]) that are

used for substitution in FSIQ estimation or in estimating newly created (Quantitative Reasoning, Auditory Working

Memory, Nonverbal) and previously existing (General Ability, Cognitive Proficiency) Ancillary Index Scores. Like other

recent editions of intelligence tests (e.g.,WISC-IV, Stanford–Binet Intelligence Scales-Fifth Edition [SB5; Roid, 2003a],

Kaufman Assessment Battery for Children-Second Edition [KABC-II; Kaufman & Kaufman, 2004], Reynolds Intellec-

tual Assessment Scales [RIAS; Reynolds & Kamphaus, 2003a], Wide Range Intelligence Test [WRIT; Glutting, Adams,

& Sheslow, 2000]), the WISC-V attempted to reflect conceptualizations of intellectual measurement articulated by

Spearman (1927), Carroll, Cattell, and Horn (Carroll, 1993, 2003; Cattell & Horn, 1978; Horn, 1991; Horn & Blankson,

2012; Horn &Cattell, 1966), as well as other neuropsychological constructs.

Evidence of WISC-V structural validity reported in the WISC-V Technical and Interpretive Manual was based exclu-

sively on confirmatory factor analyses (CFA). A one-factor model served as the baseline and all other models were

higher-order models with a general intelligence factor indirectly influencing subtests via full mediation through two

through five first-order factors. Table 5.3 in the WISC-V Technical and Interpretive Manual illustrates all CFA models

tested and Figure 5.10 (reproduced in modified form here as Figure 1) presents the standardizedmeasurement model

for the final publisher-preferred, five-factor, higher-order model for WISC-V primary and secondary subtests for the

total standardization sample. This model included a higher-order general intelligence dimension with five first-order

factors (VC, VS, FR, WM, PS) and the 16 subtest indicators were uniquely associated with one latent first-order fac-

tor except for Arithmetic, which was cross-loaded on VC, FR, andWM. This preferred measurement model, however,

included a standardized path coefficient of 1.00 between the higher-order general intelligence factor and the FR fac-

tor, which indicates that FR may be empirically redundant. This final model was also reported to fit five different age

groupings (6–7, 8–9, 10–11, 12–13, 14–16) equally well (Wechsler, 2014b) and a subsequent study by Chen, Zhang,

Raiford, Zhu, andWeiss (2015) showed factorial invariance of this final model across gender.

CFA reported in theWISC-V Technical and Interpretive Manual contained numerous notable psychometric concerns

(Beaujean, 2016; Canivez & Watkins, 2016; Canivez, Watkins, & Dombrowski, 2016, 2017a). Details regarding CFA

methods are lacking, such as the absence of explanation for selecting weighted least squares (WLS) estimation rather

than maximum likelihood (ML) estimation. Latent constructs (i.e., factors) have no natural scale of measurement, so

specificationby the analyst is necessary to achievemodel identification. The choice ofmetric can affect unstandardized

parameters and may “yield different conclusions regarding the statistical significance of freely estimated parameters”

(Brown, 2015, p. 133). Kline (2011) noted that “use of an estimation method other than ML requires explicit justifi-

cation” (p. 154). WLS is typically used with data that are categorical or nonnormally distributed and may not produce

chi-values nor approximate fit indices equivalent to those produced byML estimation (Yuan & Chan, 2005); neither of

which pertains toWISC-V subtest scores (Chen et al., 2015). Thus, the use ofWLS is perplexing, and a significant depar-

ture from the typical use ofML estimation in CFAof intelligence tests. Further, Beaujean (2016) replicated theWISC-V

CFA results reported inWechsler (2014b), deducing that an effects-coding method (Little, Slegers, & Card, 2006) was

probably used. Additionally, Beaujean demonstrated that the effects-codingmethodwasmodified and caused degrees

of freedom to be understated, which has consequences for fit statistics that rely on degrees of freedom for their com-

putation.

The complex CFA model adopted by the publisher (as a result of including Arithmetic subtest cross-loadings) is

also problematic because it abandons the parsimony of simple structure (Thurstone, 1947). Further, the publisher's
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F IGURE 1 Higher-order measurement model with standardized coefficients (adapted from Figure 5.1 [Wechsler,
2014b]), forWISC-V standardization sample (N= 2,200) 16 Subtests. SI= Similarities, VC=Vocabulary, IN= Informa-
tion, CO = Comprehension, BD = Block Design, VP = Visual Puzzles, MR =Matrix Reasoning, PC = Picture Concepts,
FW = Figure Weights, AR = Arithmetic, DS = Digit Span, PS = Picture Span, LN = Letter–Number Sequencing, CD =
Coding, SS= Symbol Search, CA=Cancellation.Wechsler Intelligence Scale for Children, Fifth Edition (WISC-V). Copyright
c©2014NCSPearson, Inc. Reproducedwith permission. All rights reserved. “Wechsler Intelligence Scale for Children” and
“WISC” are trademarks, in the US and/or other countries, of Pearson Education, Inc. or its affiliates(s).
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preferred model produced a standardized path coefficient of 1.00 between the latent general intelligence (mislabeled

in Figure 5.1 [Wechsler, 2014b] as “Full Scale”) factor and the Fluid Reasoning factor; indicating g and FR were empiri-

cally redundant (Le, Schmidt, Harter, & Lauver, 2010). This constitutes a major threat to discriminant validity and indi-

cates that theWISC-V has likely been overfactored (Frazier & Youngstrom, 2007).

Another issue concerning theWISC-V Technical and Interpretive Manualwas the acknowledgment of the sensitivity

of the chi-square test to trivial differences with large samples, but the subsequent use of chi-square difference tests

of nested models to identify the preferred five-factor model (Wechsler, 2014b). The same sensitivity to large samples

is true for chi-square difference tests (Millsap, 2007), suggesting that the model differences reported in the WISC-V

Technical and InterpretiveManualmight be statistically significant yet trivial. For example, Table 5.4 inWechsler (2014b,

p. 82) reveals that the difference betweenmodels 4a and5awas statistically significant but those twomodels exhibited

identical comparative fit index (CFI) and root mean square error of approximation (RMSEA) values. Likewise, the pre-

ferred five-factor higher-order model was significantly different from other five-factor models but all exhibited iden-

tical CFI and RMSEA values (e.g., .98 and .04, respectively). Cheung and Rensvold (2002) demonstrated, in the context

of factorial invariance, that practical differences independent of sample size and model complexity could be identified

by∆CFI> .01; this condition was not met whenmoving from a four- to a five-factor solution.

Another criticismofWISC-VCFA reported in theWISC-V Technical and InterpretiveManual is that therewas a failure

to test rival bifactormeasurementmodels against thehigher-ordermeasurementmodels. Bifactormodels have several

benefits over higher-ordermodels (Canivez, 2016;Reise, 2012), havebeen found to fit data fromotherWechsler scales

(viz., Canivez, 2014a; Canivez, Watkins, Good, James, & James, 2017b; Gignac & Watkins, 2013; Lecerf & Canivez,

2017;Nelson,Canivez,&Watkins, 2013;Watkins, 2010;Watkins&Beaujean, 2014;Watkins, Canivez, James, James,&

Good, 2013), and have been recommended for cognitive tests (Brunner, Nagy, &Wilhelm, 2012; Canivez, 2016; Cucina

&Byle, 2017; Cucina&Howardson, 2017;Gignac, 2005, 2006;Morin, Arens, Tran, &Caci, 2016). A higher-order struc-

tural model posits general intelligence as a superordinate construct that is fully mediated by the lower-order factors

and indirectly influences the subtest indicators. In contrast, the bifactor model hypothesizes general intelligence as a

breadth factor with direct influence on subtests in addition to direct influence on subtests by group factors (Canivez,

2016; Gignac, 2008). The bifactor model appears to be more consistent with Spearman's (1927) conceptualization of

intelligence and a more conceptually parsimonious explanation than the higher-order model (Canivez, 2016; Cucina

& Howardson, 2017; Gignac, 2006). Further, the structure of intelligence described by Carroll (1993) is better repre-

sented by the bifactor model (Beaujean, 2015a; Cucina &Howardson, 2017).

Another significant problem is that the publisher did not provide decomposed variance estimates to disclose how

much subtest variance is a result of the hierarchical g factor and howmuch is a result of the lower-order group factors.

This makes it difficult for clinicians and researchers to judge the adequacy of the group factors (VC, VS, FR, WM, PS)

basedonhowmuchuniquevariance thegroup factors capturewhenpurgedof theeffects of general intelligence (Reise,

Moore, &Haviland, 2010), although this could be computed by hand from themodel. As noted byDeVellis (2017), rely-

ing on statistical fit alone “may obscure the fact that some statistically significant factors may account for uninterest-

ingly small proportions of variance” (p. 199).

Also missing from the WISC-V Technical and Interpretive Manual are model-based reliability estimates (omega). It

has long been argued that classical estimates of reliability are biased (Raykov, 1997). Model-based estimates, such

as omega-hierarchical (𝜔H) and omega-hierarchical subscales (𝜔HS), have been recommended as superior metrics

for determining construct-based reliability (Rodriguez, Reise, & Haviland, 2016; Watkins, 2017). These problems

were highlighted in several reviews and critiques of Wechsler scales including the WAIS-IV, WPPSI-IV, and WISC-IV

(Canivez, 2010, 2014b; Canivez & Kush, 2013); however, omega estimates are notably absent from theWISC-V Tech-

nical and Interpretive Manual.

Although Chen et al. (2015) used ML estimation in their WISC-V invariance study, their chosen model replicated

the standardized path coefficient of 1.0 from the FSIQ to FR and cross-loading of Arithmetic on three first-order fac-

tors. Further, there was no consideration of rival bifactor models nor was there decomposition of subtest variance or

estimation of latent factor reliabilities to understand the relative contributions of the higher-order versus first-order

factors. Reynolds and Keith (2017) examined WISC-V invariance across standardization sample age groups, but the
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model examined for invariancewas an oblique five-factor model rather than the bifactor or higher-ordermodel, which

thus ignored general intelligence and its unmodeled variance.

Reynolds and Keith (2017) also explored numerous post hoc modifications for first-order models with five fac-

tors and then for both higher-order and bifactor models with five group factors in an attempt to better understand

WISC-V measurement. Whereas such explorations are possible, they may capitalize on chance and it could be argued

that such exploratory interest might be better served by using EFA (Carroll, 1995) or exploratory structural equation

modeling (Asparouhov & Muthén, 2009). Their final best fitting WISC-V higher-order model was different from the

publisher-preferredmodel in that Arithmetic was given a direct loading from general intelligence and a “cross-loading”

on Working Memory, but Reynolds and Keith also added correlated disturbance of Visual Spatial and Fluid Reason-

ing group factors yet the model still produced a standardized path coefficient of .97 from general intelligence to Fluid

Reasoning. Further, decomposed variance estimates of their higher-order model showed that the WISC-V subtests

primarily reflected general intelligence variancewith small portions of variance unique to the group factors (except for

the Processing Speed subtests). Their best WISC-V bifactor model also added a covariance estimate between Visual

Spatial and Fluid Reasoning (.62), which appears necessary to salvage five group factors. Watkins, Dombrowski, and

Canivez (2017) also tested a similar bifactor model with the Canadian WISC-V (WISC–VCDN), but this bifactor model

with five group factors and VS-FR covariance estimate was not superior to the bifactor model with four group factors.

A final criticism is that the WISC-V Technical and Interpretive Manual includes explicit preference for CFA over EFA

methods rather than taking advantage of each method's unique strengths. EFA and CFA are complementary proce-

dures, so greater confidence in the latent factor structure is achieved when EFA and CFA are in agreement (Gorsuch,

1983). Carroll (1995) and Reise (2012) both noted that EFA procedures are especially useful in suggesting possible

models to be tested in CFA, and Carroll (1998) suggested that “CFA should derive its initial hypotheses from EFA

results, rather than starting from scratch or from a priori hypotheses…[and] CFA analyses should be done to check

my EFA analyses” (p. 8). The deletion ofWord Reasoning and Picture Completion subtests; the addition of Visual Puz-

zles, Figure Weights, and Picture Span subtests; and the inclusion of new or revised items across all WISC-V subtests

suggests that relationships among retained and new subtestsmight result in associations and latent structure unantic-

ipated by a priori conceptualizations (Beaujean, 2015b; Strauss, Spreen, &Hunter, 2000).

Intelligence test factor structure research using EFA procedures have consistently produced serious and substan-

tial challenges to the optimistic conclusions fromCFA-based latent structures reported in test technical manuals. DiS-

tefano and Dombrowski (2006) and Canivez (2008), using data from the SB5 (Roid, 2003a) standardization sample,

obtained markedly different results for the SB5 than CFA results presented in the technical manual (Roid, 2003b)

and concluded that the SB5 essentially measured one dimension (g). Three studies of the WISC-IV (Wechsler, 2003)

and two studies of theWechsler Adult Intelligence Scale-Fourth Edition (WAIS-IV; Wechsler, 2008) using EFA (Bodin,

Pardini, Burns, & Stevens, 2009; Canivez & Watkins, 2010a, 2010b; Watkins, 2006; Watkins, Wilson, Kotz, Carbone,

& Babula, 2006) indicated that most variance was associated with general intelligence (substantially lesser amounts

at the factor level) and suggested that interpretation of both the WISC-IV and WAIS-IV should focus on the global

FSIQ score because it accounts for most of the common variance and additional research showing FSIQ superiority

in predictive validity with little to no meaningful incremental prediction by the factor index scores (Canivez, 2014a;

Canivez,Watkins, James, James, &Good, 2014; Glutting,Watkins, Konold, &McDermott, 2006; Glutting, Youngstrom,

Ward,Ward, &Hale, 1997; Nelson et al., 2013). The limited unique variance captured by the first-order factors is likely

responsible for the poor incremental predictive validity of theWISC-IV andWAIS-IV factor index scores. EFA studies

of other intelligence tests such as RIAS (Reynolds &Kamphaus, 2003a) have also indicated that fundamental measure-

ment is primarily that of general intelligence (Dombrowski, Watkins, & Brogan, 2009; Nelson & Canivez, 2012; Nel-

son, Canivez, Lindstrom, & Hatt, 2007), which was by design its primary goal (Reynolds & Kamphaus, 2003b). Similar

findings were obtained with a joint examination of the Wide Range Intelligence Test (WRIT; Glutting et al., 2000) and

Wechsler Abbreviated Scale of Intelligence (WASI; Psychological Corporation, 1999) where most subtest variability

was associatedwith a hierarchical general intelligence dimension and smaller portions of variancewere apportioned to

the first-order factors; supporting primary interpretations of the FSIQ and general intelligence test (Canivez, Konold,

Collins, &Wilson, 2009).
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Independent assessment of theWISC-V using EFA with the total standardization sample (n = 2,200) was reported

by Canivez et al. (2016) and no evidence was found for five factors. The intended separation of Visual Spatial and

Fluid Reasoning dimensions was not supported as extracting five factors resulted in the fifth factor including only one

subtest (FigureWeights) with a salient factor pattern coefficient, and Picture Concepts failed to saliently load on any

factor. Extraction of four factors produced a structure very similar to the WISC-IV with Visual Spatial and Fluid Rea-

soning collapsing into one Perceptual Reasoning factor. Schmid and Leiman (SL, 1957) orthogonalization found the g

factor accounted for large portions of total and common variance and provided little evidence for interpretation of

the lower-ordered factors. The omega-hierarchical coefficient of the g factor was large while the omega-hierarchical

subscale coefficients for the four lower-order factorswere too low for confident interpretation, except perhaps for the

Processing Speed factor. Canivez et al. (2017a) replicatedWISC-VEFA resultswithCFAusingmaximum likelihood esti-

mation, further challenging results in the WISC-V Technical and Interpretive Manual.Whereas these results were con-

sistent with otherWechsler scales (WPPSI-IV, WISC-IV, WAIS-IV), and other tests of intelligence, they were obtained

with the entire standardization sample and it is possible that different structures might be observed within different

age ranges; therefore, Canivez et al. recommended examination of WISC-V structure with different age groups using

similar EFA procedures.

Following that recommendation, the present study investigated the factor structure of the WISC-V with four age

groups (6–8, 9–11, 12–14, 15–16 years) from the WISC-V standardization sample using EFA followed by a Schmid–

Leiman orthogonalization, the same procedures used by Canivez et al. (2016) when investigating the WISC-V total

sample to allow for direct comparison of results. The EFA-based SL orthogonalization procedure produces an approx-

imate bifactor solution that is a reparameterization of the higher-order structure and contains proportionality con-

straints (Yung, Thissen, & McLeod, 1999), but is the dominant exploratory approach to assessing bifactor structure

(Reise, 2012). Also, the present study used identical EFAmethods to Canivez et al. (2016), which allows for direct com-

parison of results of themore homogeneous age groups to the full standardization sample results but does not directly

test the factorial invariance of theWISC-V across age/development. The primary research questions included (1) how

many WISC-V factors should be extracted and retained in each age subgroup; (2) how are subtests associated with

the latent factors; (3) was there evidence for the publisher's claim of five first-order factors; and (4) what proportion

of variance was a result of general intelligence versus the first-order group ability factors following a Schmid–Leiman

orthogonalization?

1 METHOD

1.1 Participants

Participants were members of the WISC-V standardization sample and included a total of 2,200 individuals ranging

in age from 6 to 16 years. Demographic characteristics are provided in detail in the WISC-V Technical and Interpre-

tive Manual (Wechsler, 2014b). Stratified proportional sampling was used across variables of age, sex, race/ethnicity,

parental education level, and geographic region in obtaining the standardization sample. Education level was a proxy

for socioeconomic status where accurate information about income is often difficult to obtain. Examination of tables

in the Technical and Interpretive Manual revealed a closematch to the U.S. census across stratification variables.

1.2 Instrument

TheWISC-V is an individual test of general intelligence for children ages 6–16 years and originatedwith the firstWISC

(Wechsler, 1949). Consistent withWechsler's definition of intelligence (i.e., “global capacity;” Wechsler, 1939, p. 229),

theWISC-V includes numerous subtests that provide estimates of general intelligence but also are combined to mea-

sure group factors.WISC-Vmeasurement of intelligence continues to include narrowability subtests (16), broad group

factors (5), and general intelligence.
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Organization and subtest administration order of the WISC-V reflect a new four-level organization. The FSIQ is

composed of seven primary subtests across the five domains (VC, VS, FR, WM, PS), but if one of the FSIQ subtests

is invalid or missing, that subtest may be substituted by a secondary subtest from within the same domain. Only one

substitution is allowed. The Primary Index Scale level is composed of 10 WISC-V subtests (primary subtests) and are

used to estimate the five WISC-V factor index scores (VCI, VSI, FRI, WMI, PSI). No substitutions are allowed for the

Primary Index Scales. Complementary subtests are not intelligence subtests and so were not included in the present

analyses.

1.3 Procedure

NCS Pearson deniedwithout rationale the request forWISC-V standardization sample raw data to conduct these (and

other) independent analyses. Absent raw data, WISC-V subtest scaled score correlation matrices for each age group

(n = 200) in the standardization sample were obtained from the WISC-V Technical and Interpretive Manual Supplement

(Wechsler, 2014c) and combined by averaging correlations through Fisher transformations. Four correlation matrices

(16 primary and secondary intelligence subtests) were created to represent four broad age subgroups (ages 6–8 [n =
600], 9–11 [n=600], 12–14 [n=600], and 15–16 [n=400] years). The sample size of single age groups (n=200)would

be too small for stable results (Goldberg & Velicer, 2006; Mundfrom & Shaw, 2005). In contrast, these four age groups

should allow developmental differences to emergewhile still providing robust factor recovery.

1.4 Analyses

Principal axis exploratory factor analyses (Fabrigar, Wegener, MacCallum, & Strahan, 1999) were used to analyze the

combinedWISC-V standardization sample correlationmatrices from the four age groups using SPSS 21 forMacintosh

OSX. Principal axis EFAwas selected for comparison to Canivez et al. (2016) and because it “frequently outperformed

ML in the recovery of relatively weak common factors” (Briggs &MacCallum, 2003, p. 49). Multiple criteria (Gorsuch,

1983) were examined to determine the number of factors to retain and included eigenvalues >1 (Kaiser, 1960), the

scree test (Cattell, 1966), standard error of scree (SEscree; Zoski & Jurs, 1996), Horn's parallel analysis (HPA; Horn,

1965), and minimum average partials (MAP; Velicer, 1976). The scree test is a subjective criterion so the SEscree as

programmedbyWatkins (2007)was usedbecause itwas reportedly themost accurate objective screemethod (Nasser,

Benson, &Wisenbaker, 2002).

HPA and MAP were included because they are considered more accurate and less likely to overfactor (Frazier &

Youngstrom, 2007; Velicer, Eaton, & Fava, 2000; Zwick & Velicer, 1986), although in the presence of a strong general

factor HPA tends to underfactor (Crawford et al., 2010). HPA indicates meaningful factors when eigenvalues from the

WISC-V standardization sampledatawere larger thaneigenvalues producedby randomdata containing the samenum-

ber of participants and factors. Randomdata eigenvalues forHPAwere produced using theMonteCarlo principal com-

ponents analysis for the Parallel Analysis computer program (Watkins, 2000) with 100 replications to provide stable

eigenvalue estimates. Retained factors were subjected to promax (oblique) rotation (k = 4; Gorsuch, 1983). Setting k

to 4 produced greater hyperplane count compared to k = 2 with the present data. Salient factor pattern coefficients

were defined as those ≥.30 (Child, 2006). Factor solutions were examined for interpretability and theoretical plausi-

bility (Fabrigar et al., 1999) with the empirical requirement that each factor should be marked by two or more salient

loadings and no salient cross-loadings (Gorsuch, 1983). Subtest g loadings (first unrotated factor coefficients) were

evaluated based on Kaufman's (1994) criteria (≥.70= good, .50 –.69= fair,<.50= poor).

Cognitive ability subtest scores reflect combinations of both first-order and second-order factor variance and,

because of this, Carroll (1993, 1995, 1997, 2003) argued that variance from the higher-order factormust be extracted

first to residualize the lower-order factors, leaving themorthogonal to the higher-order factor. The Schmid and Leiman

(1957) procedure has been recommended as the statistical method to accomplish this residualization (Carroll, 1993,

1995, 1997, 2003; Carretta & Ree, 2001; Gustafsson & Snow, 1997; McClain, 1996; Ree, Carretta, & Green, 2003;

Thompson, 2004). It is a reparameterization of a higher-order model and an approximate bifactor solution (Reise,
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2012). Accordingly, first-order factors were orthogonalized by removing all variance associated with the second-

order dimension using the Schmid and Leiman (1957) procedure as programmed in the MacOrtho computer program

(Watkins, 2004). This transforms “anoblique factor analysis solution containing a hierarchy of higher-order factors into

an orthogonal solution which not only preserves the desired interpretation characteristics of the oblique solution, but

also discloses the hierarchical structuring of the variables” (Schmid & Leiman, 1957, p. 53).

The Schmid–Leiman (SL) orthogonalization procedure may be constrained by proportionality (Yung et al., 1999)

and may be problematic with nonzero cross-loadings (Reise, 2012). Reise also noted two additional and more recent

alternative exploratory bifactor methods that do not include proportionality constraints: analytic bifactor (Jennrich &

Bentler, 2011) and target bifactor (Reise, Moore, & Maydeu-Olivares, 2011). However, the present application of the

SLorthogonalizationprocedurewas selected for direct comparison toWISC-V results obtainedbyCanivez et al. (2016)

with the totalWISC-V standardization sample and comparisons to the numerous studies of SL application withWech-

sler scales (Canivez &Watkins, 2010a; 2010b; Golay & Lecerf, 2011; Lecerf & Canivez, 2017;Watkins, 2006;Watkins

et al., 2017) and with other intelligence tests (Canivez, 2008, 2011; Canivez & McGill, 2016; Canivez et al., 2009;

Dombrowski, 2013, 2014a, 2014b; Dombrowski & Watkins, 2013; Dombrowski et al., 2009; Dombrowski, McGill, &

Canivez, 2017a, 2017b; Nelson & Canivez, 2012; Nelson et al., 2007; Strickland, Watkins, & Caterino, 2015). For con-

venience, this method is labeled the SL bifactor (Reise, 2012).

Omega-hierarchical and omega-hierarchical subscale coefficients (Reise, 2012; Rodriguez et al., 2016) were esti-

mated as model-based reliability estimates of the latent factors (Gignac &Watkins, 2013). Chen, Hayes, Carver, Lau-

renceau, & Zhang (2012) noted that “for multidimensional constructs, the alpha coefficient is complexly determined,

and McDonald's (1999) omega-hierarchical (𝜔H) provides a better estimate for the composite score and thus should

be used” (p. 228). These same problems are inherent with other internal consistency estimates such as split-half or

KR-20. Omega-hierarchical (𝜔H) is the model-based reliability estimate for the hierarchical general intelligence factor

independent of the variance of group factors. Omega-hierarchical subscale (𝜔HS) is the model-based reliability esti-

mate of a group factor with all other group and general factors removed (Reise, 2012). Omega estimates (𝜔H and 𝜔HS)

may be obtained from EFA SL bifactor solutions and were produced using the Omega program (Watkins, 2013), which

was based on the tutorial by Brunner et al. (2012) and the work of Zinbarg, Revelle, Yovel, and Li (2005) and Zinbarg,

Yovel, Revelle, andMcDonald (2006). Omega-hierarchical coefficients should at a minimum exceed .50, but .75 would

be preferred (Reise, 2012; Reise, Bonifay, & Haviland, 2013).

2 RESULTS

2.1 Factor extraction criteria comparisons

Figures A1–A4 (Appendix A in online supplemental materials) show scree plots from HPA for the four age groups.

Table 1 summarizes results from the multiple factor extraction criteria (eigenvalues >1, scree test, standard error of

scree, HPA, MAP, theory) for determining the number factors to extract and retain. As shown in Table 1, only the pub-

lisher recommended/theory justified extraction of five factors. All other criteria across the four age groups mostly

recommended extraction of only one to three factors.

2.2 Five-factor exploratory and hierarchical analyses

It has been suggested that it is better to overextract than underextract (Gorsuch, 1997; Wood, Tataryn, & Gorsuch,

1996) so EFA began with extracting five factors to examine subtest associations based on the publisher's suggested

structure and to allow examination of the performance of smaller factors. Tables B1 through B8 (Appendix B in online

supplemental materials) show exploratory factor analyses results (odd-numbered Tables B1–B7) and exploratory SL

bifactor model results (even-numbered Tables B2–B8) for the four age groups. In each of the four age groups, extrac-

tion of five factors produced psychometrically inadequate results as the fifth factor included only one salient factor
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TABLE 1 Number ofWISC-V factors suggested for extraction across five different criteria by age group

WISC-VAge Groups

Extraction Criterion 6–8 9–11 12–14 15–16 6–16

Eigenvalue>1 3 3 2 3 2

Scree test (visually examined) 2 2 2 2 2

Standard error of scree (SEscree) 2 4 3 3 3

Horn's parallel analysis (HPA) 2 2 2 2 2

Minimum average partials (MAP) 1 1 1 2 1

PriorWechsler structure/theory 4 4 4 4 4

Publisher (theory) proposed 5 5 5 5 5

pattern coefficient (Cancellation [ages 6–8], Arithmetic [ages 9–11], Picture Concepts [ages 12–14 and 15–16]) and

factors cannot be defined by only one indicator (see odd-numbered Tables B1–B7 in online supplemental materials).

Further, contrary to the publisher's desire to split the Perceptual Reasoning factor into separate Visual Spatial (Block

Design, Visual Puzzles) and Fluid Reasoning (Matrix Reasoning, FigureWeights) factors, extraction of five factors still

resulted in Block Design, Visual Puzzles, Matrix Reasoning, and FigureWeights having salient factor pattern loadings

on the same (Perceptual Reasoning) factor. Exploratory SL bifactormodel results (see even-numbered Tables B2–B8 in

online supplemental materials) also show the dominance of the general intelligence factor for all subtests except Cod-

ing, Symbol Search, and Cancellation (Processing Speed subtests), known to be poor indicators of general intelligence.

2.3 Four-factor exploratory and hierarchical analyses

2.3.1 Ages 6–8 first-order EFA: Four-factor extraction

Table 2 shows results of four-factor extraction with promax rotation for the 6- to 8-year-olds. The g loadings ranged

from .175 (Cancellation) to .746 (Information) and all were within the fair-to-good range (except Coding and Cancel-

lation). Picture Concepts failed to exhibit salient pattern loadings on any group factor. Table 2 shows robust Verbal

Comprehension (Similarities, Vocabulary, Information, Comprehension), Working Memory (Digit Span, Picture Span,

Letter–Number Sequencing), Perceptual Reasoning (Block Design, Visual Puzzles, Matrix Reasoning, FigureWeights),

and Processing Speed (Coding, Symbol Search, Cancellation) factorswith theoretically consistent subtest associations.

Picture Concepts, a fair indicator of general intelligence, was not adequately associated with any of the four group

factors; although its highest pattern coefficient was on the Perceptual Reasoning factor. There were no subtests with

salient cross-loadings. The moderate-to-high factor correlations shown in Table 2 (.372 to .710) imply a higher-order

or hierarchical structure that required explication (Gorsuch, 1983) and the Schmid–Leiman procedure was applied to

better understand variance apportionment among general and group factors.

2.3.2 Ages 6–8 SL bifactor analyses: Four first-order factors

Results for the Schmid and Leiman orthogonalization of the higher-order factor analysis are shown in Table 3. All sub-

testswereproperly associated (higher residual variance)with their theoretically proposed factor after removing g vari-

ance. The g factor accounted for 33.2% of the total variance and 66.4% of the common variance.

The general factor also accounted for between 2.3% (Cancellation) and 49.7% (Digit Span) of individual subtest

variability. At the first-order level, VC accounted for an additional 4.6% of the total variance and 9.1% of the common

variance, WM accounted for an additional 3.2% of the total variance and 6.5% of the common variance, PR accounted

for an additional 3.3% of the total variance and 6.6% of the common variance, and PS accounted for an additional 5.7%

of the total variance and 11.4% of the common variance. The general and group factors combined tomeasure 50.0% of

the variance inWISC-V scores, resulting in 50.0% unique variance (combination of specific and error variance).
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Table 3 also shows 𝜔H and 𝜔HS that were estimated based on the SL results. The 𝜔H coefficient for general intelli-

gence (.821) was high and sufficient for scale interpretation; however, the 𝜔HS coefficients for the four group factors

(VC, WM, PR, PS) were considerably lower (.174–.478). Thus, for the four group factors, with the possible exception

of PS, unit-weighted composite scores based on these indicators would likely possess too little true score variance for

clinical interpretation (Reise, 2012; Reise et al., 2013) for the 6- to 8-year-old age group.

2.3.3 Ages 9–11 first-order EFA: Four-factor extraction

Table 4 shows results of four-factor extractionwith promax rotation for 9- to 11-year-olds. The g loadings ranged from

.226 (Cancellation) to .803 (Vocabulary) and all were within the fair-to-good range (except Coding, Symbol Search,

Cancellation). Picture Concepts failed to exhibit salient pattern loadings on any group factor. Table 4 shows robust

Verbal Comprehension (Similarities, Vocabulary, Information, Comprehension), Perceptual Reasoning (Block Design,

Visual Puzzles, Matrix Reasoning, Figure Weights), Working Memory (Arithmetic, Digit Span, Picture Span, Letter–

Number Sequencing), and Processing Speed (Coding, Symbol Search, Cancellation) factors with theoretically consis-

tent subtest associations. Picture Concepts was again a fair indicator of general intelligence but was not adequately

associated with any of the four group factors; although its highest pattern coefficient was on Perceptual Reasoning.

Therewere no subtestswith salient cross-loadings. Themoderate-to-high factor correlations shown in Table 4 (.392 to

.724) imply a higher-order or hierarchical structure that requires explication (Gorsuch, 1983) and the Schmid–Leiman

procedure was applied to better understand variance apportionment among general and group factors.

2.3.4 Ages 9–11 SL bifactor analyses: Four first-order factors

Results for the Schmid and Leiman orthogonalization of the higher-order factor analysis are shown in Table 5. All sub-

testswereproperly associated (higher residual variance)with their theoretically proposed factor after removing g vari-

ance except Picture Concepts, which had equivalent residual loadings with Perceptual Reasoning and Verbal Compre-

hension. The g factor accounted for 33.6% of the total variance and 64.1% of the common variance.

The general factor also accounted for between 4.0% (Cancellation) and 52.4% (Vocabulary) of individual subtest

variability. At the first-order level, VC accounted for an additional 5.4% of the total variance and 10.4% of the common

variance, PR accounted for an additional 3.3% of the total variance and 6.4% of the common variance, WM accounted

for an additional 3.6% of the total variance and 6.9% of the common variance, and PS accounted for an additional 6.4%

of the total variance and 12.3% of the common variance. The general and group factors combined tomeasure 52.4% of

the variance inWISC-V scores resulting in 47.6% unique variance (combination of specific and error variance).

Also presented in Table 5 are 𝜔H and 𝜔HS coefficients that were estimated based on the SL results. The 𝜔H coeffi-

cient for general intelligence (.817) was high and sufficient for scale interpretation; however, the 𝜔HS coefficients for

the four group factors (VC, WM, PR, PS) were considerably lower (.064–.517). Thus, unit-weighted composite scores

for the four group factors, with the possible exception of PS, would likely possess too little true-score variance for clin-

ical interpretation (Reise, 2012; Reise et al., 2013) for the 9- to 11-year-old age group.

2.3.5 Ages 12–14 first-order EFA: Four-factor extraction

Table6 shows results of four-factor extractionwithpromax rotation for12- to14-year-olds. The g loadings ranged from

.252 (Cancellation) to .806 (Vocabulary) and allwerewithin the fair-to-good range (exceptCoding, Symbol Search, Can-

cellation). PictureConcepts andArithmetic had salient factor pattern coefficients on theVerbal Comprehension factor

but no other factors. Table 6 shows robust Verbal Comprehension (Similarities, Vocabulary, Information, Comprehen-

sion), Working Memory (Digit Span, Picture Span, Letter–Number Sequencing), Perceptual Reasoning (Block Design,

Visual Puzzles, Matrix Reasoning, Figure Weights), and Processing Speed (Coding, Symbol Search, Cancellation) fac-

tors with theoretically consistent subtest associations. Oddly, Picture Concepts and Arithmetic migrated away from

their theoretically consistent factors to the Verbal Comprehension factor. No salient cross-loadings were observed.

The moderate-to-high factor correlations presented in Table 6 (.399 to .732) imply a higher-order or hierarchical
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structure that required explication (Gorsuch, 1983) and the Schmid–Leiman procedure was applied to better under-

stand variance apportionment among general and group factors.

2.3.6 Ages 12–14 SL bifactor analyses: Four first-order factors

Results for the Schmid and Leiman orthogonalization of the higher-order factor analysis are shown in Table 7. All sub-

testswereproperly associated (higher residual variance)with their theoretically proposed factor after removing g vari-

ance except Picture Concepts and Arithmetic, which had somewhat higher residual loadings with the Verbal Compre-

hension factor. The g factor accounted for 38.3% of the total variance and 67.4% of the common variance.

The general factor also accounted for between 5.1% (Cancellation) and 53.6% (Vocabulary) of individual subtest

variability. At the first-order level, VC accounted for an additional 5.4% of the total variance and 9.5% of the common

variance,WM accounted for an additional 3.3% of the total variance and 5.8% of the common variance, PR accounted

for an additional 3.5% of the total variance and 6.2% of the common variance, and PS accounted for an additional 6.3%

of the total variance and 11.1% of the common variance. The general and group factors combined tomeasure 56.7% of

the variance inWISC-V scores resulting in 43.3% unique variance (combination of specific and error variance).

Table 7 also shows 𝜔H and 𝜔HS coefficients that were estimated based on the SL results. Because of subtest migra-

tion of Picture Concepts and Arithmetic on Verbal Comprehension, omega-hierarchical and omega-subscale coeffi-

cients were estimated with Picture Concepts and Arithmetic loadings on Verbal Comprehension as well as with their

theoretically consistent loadings on Perceptual Reasoning andWorking Memory, respectively. The 𝜔H coefficient for

general intelligence (.847, .842) was high and sufficient for scale interpretation; however, the 𝜔HS coefficients for the

four group factors (VC, WM, PR, PS) were considerably lower (.149–.503, .173–.503). Thus, unit-weighted composite

scores for the four group factors based on these indicators, with the possible exception of PS, likely possess too little

true score variance for clinical interpretation (Reise, 2012; Reise et al., 2013) for 12- to 14-year-olds.

2.3.7 Ages 15–16 first-order EFA: Four-factor extraction

Table 8 shows the results of four-factor extraction with promax rotation. The g loadings ranged from .243 (Cancella-

tion) to .813 (Vocabulary) and all werewithin the fair-to-good range (except Coding, Symbol Search, and Cancellation).

Picture Concepts had a salient pattern coefficient on the Verbal Comprehension factor. Arithmetic failed to exhibit

salient pattern loadings on any group factor but had split loadings on Verbal Comprehension (.299), Working Mem-

ory (.291), and Perceptual Reasoning (.291), that would be salient considering a confidence interval. Figure Weights

had a secondary cross-loading with Verbal Comprehension. Table 8 shows robust Verbal Comprehension (Similarities,

Vocabulary, Information, Comprehension), Working Memory (Digit Span, Picture Span, Letter–Number Sequencing),

Perceptual Reasoning (Block Design, Visual Puzzles, Matrix Reasoning, Figure Weights), and Processing Speed (Cod-

ing, Symbol Search, Cancellation) factors with theoretically consistent subtest associations. Picture Concepts again

migrated away from its theoretically related factor to the Verbal Comprehension factor. The moderate-to-high factor

correlations shown in Table 6 (.323 to .754) imply a higher-order or hierarchical structure that required explication

(Gorsuch, 1983) and the Schmid–Leiman procedure was applied to better understand variance apportionment among

general and group factors.

2.3.8 Ages 15–16 SL bifactor analyses: Four first-order factors

Results for the Schmid and Leiman orthogonalization of the higher-order factor analysis are shown in Table 9. All sub-

testswereproperly associated (higher residual variance)with their theoretically proposed factor after removing g vari-

ance except Picture Concepts, which had higher residual loading on the Verbal Comprehension factor. The g factor

accounted for 37.5% of the total variance and 66.7% of the common variance.

The general factor also accounted for between 5.2% (Cancellation) and 56.9% (Arithmetic) of individual subtest

variability. At the first-order level, VC accounted for an additional 5.1% of the total variance and 9.1% of the common

variance, WM accounted for an additional 4.2% of the total variance and 7.4% of the common variance, PS accounted

for anadditional 6.8%of the total variance and12.1%of the commonvariance, andPRaccounted for anadditional 2.6%
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of the total variance and 4.7% of the common variance. The general and group factors combined to measure 56.2% of

the variance inWISC-V scores resulting in 43.8% unique variance (combination of specific and error variance).

Also shown in Table 9 are 𝜔H and 𝜔HS coefficients that were estimated based on the SL results. Because of subtest

migration of Picture Concepts on Verbal Comprehension, omega-hierarchical and omega-subscale coefficients were

estimated with Picture Concepts loading on Verbal Comprehension as well as with its theoretically consistent load-

ing on Perceptual Reasoning. The 𝜔H coefficient for general intelligence (.844, .841) was high and sufficient for scale

interpretation; however, the 𝜔HS coefficients for the four group factors (VC, WM, PR, PS) were considerably lower

(.108–.530, .131–.530). Thus, for the four group factors, with the possible exception of PS, unit-weighted composite

scores based on these indicators would likely possess too little true score variance for clinical interpretation (Reise,

2012; Reise et al., 2013) for the 15- to 16-year-old age group.

2.4 One-, two-, and three-factor extraction

Examination of results when extracting fewer than four factors paralleling those of Canivez et al. (2016) resulted in

structures that were not consistent with previous versions of the WISC nor other Wechsler scales. One-, two-, and

three-factor models fused theoretically meaningful constructs indicative of underextraction and were judged unsatis-

factory (Gorsuch, 1983;Wood et al., 1996).

3 DISCUSSION

The WISC-V Technical and Interpretive Manual claimed support for a five first-order and one higher-order (g) factor

model for the 16 primary and secondary subtests. Structural validity support was based exclusively on CFA as no EFA

results were included. Also absent were decomposed variance estimates (or any variance estimates) for the higher-

order and lower-order factors and model-based reliability (𝜔H and 𝜔HS) estimates that would provide users of the

WISC-V information necessary for judging the psychometric fitness of provided scores (Canivez, 2010, 2014a; Canivez

& Kush, 2013; Rodriguez et al., 2016). Given the absence of these necessary analyses and summary statistics, the

present study used EFA and hierarchical EFA methods to assess the WISC-V structure to examine CFA and EFA con-

vergence or divergence among four age groups in theWISC-V standardization sample.

Consistent with the findings fromCanivez et al. (2016), who investigated theWISC-V structure with the total stan-

dardization sample, the present study also indicated therewas noEFAevidence to support a five-factor representation

of theWISC-Vwithin any of the four age groups examined (see FiguresA1–A4 inAppendix A and Tables B1 throughB8

in Appendix B in the online supplemental materials). Forced extraction of five factors resulted in the fifth factor having

only one subtest with a salient factor pattern loading and is inadequate (Preacher &MacCallum, 2003).

Also consistent with Canivez et al. (2016) was general support for most subtests’ association with a four-factor

model that was similar to the WISC-IV. In each of the four age groups, the Verbal Comprehension subtests (Similari-

ties, Vocabulary, Information, Comprehension), Working Memory subtests (Digit Span, Picture Span, Letter–Number

Sequencing), Perceptual Reasoning subtests (Block Design, Visual Puzzles, Matrix Reasoning, Figure Weights), and

Processing Speed subtests (Coding, Symbol Search, Cancellation) were consistently associated with the theoretical

constructs previously posited (i.e., WISC-IV, WAIS-IV, WPPSI-IV) despite changes in subtest content. The subtests

thought to represent separate Visual Spatial (Block Design and Visual Puzzles) and Fluid Reasoning (Matrix Reason-

ing and FigureWeights) factors merged together in all four age groups and appear to represent the former Perceptual

Reasoning factor present in theWISC-IV andWAIS-IV. It appears that FWandMRareweaker indicators of Perceptual

Reasoning than are BD and VP, but they clearly did not produce a separate Fluid Reasoning factor. These results, as

with those from Canivez et al. (2016), fail to support the publisher's creation of separate Visual Spatial and Fluid Rea-

soning factors and standardized factor index scores that represent them. Other evidence of problems with specifying

separate Visual Spatial and Fluid Reasoning factors is present in the redundant loading of FR on general intelligence
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reported in CFA in theWISC-V Technical and Interpretive Manual and shown in Figure 1, as well as in Chen et al. (2015).

Thus, it appears that theWISC-Vhas beenoverfactored as represented in theWISC-VTechnical and InterpretiveManual.

Following transformation with the Schmid and Leiman (1957) procedure, theWISC-V g factor accounted for 5 to 6

times more variance than any single group factor and approximately twice the variance of all four group factors com-

bined in all four age groups. To further show the general dominance of subtest measurement of general intelligence,

Figure 2 shows the portions of subtest variance apportioned to the general intelligence dimension and the portions of

subtest variance apportioned to the four WISC-V group factors. With the exception of the CD, SS, and CN subtests;

most common subtest variance was that associated with general intelligence in each of the four age groups and that

what is primarily measured is general intelligence, not the group factors.

Also, the𝜔H coefficients for the g factor in all four age groups (.817–.847) were high and indicated large portions of

true score variance attributable to unit-weighted scores based on all subtests. The 𝜔HS coefficients for the four group

factors in all four age groupswere considerably lower (range of .131 to .280 for the VC, PR, andWM factors), falling far

below theminimum threshold of .50 suggested by Reise (2012) and Reise et al. (2013) for confident clinical interpreta-

tion. That is, they captured too little unique true score variance once g variance was removed. The𝜔HS coefficients for

the PS factor in all four age groups ranged from .478 to .530 and approached or met the minimum standard for possi-

ble interpretation. These results appear to support Carroll'smodel but not Cattell–Horn, as pointed out by Cucina and

Howardson (2017).

Arithmetic was associated with Working Memory for the 6–8 and 9- to 11-year-old age groups, but migrated to

Verbal Comprehension for the 12- to 14-year-old age group and was not saliently associated with any group factor

in the 15- to 16-year-old age group (its variance spread evenly between VC, PR, and WM). Numerous problems with

Arithmetic as a subtest inWechsler scales have been described (Canivez &Kush, 2013; Canivez et al., 2016;Watkins &

Ravert, 2013). As suggested previously (Canivez &Kush, 2013; Canivez et al., 2015;Watkins & Ravert, 2013) it is likely

time for Arithmetic to be removed as an indicator ofWorkingMemory.

As observed by Canivez et al. (2016), Picture Concepts failed to demonstrate salient loadings on any factors in the

6–8 and9- to 11-year-old age groups andwhen it did saliently load on a factor itwas on a theoretically inconsistent one

(VC). This may be the reason the publisher does not include Picture Concepts in any regularly calculated factor-based

scores (PC is only used to replace a Fluid Reasoning subtest in calculating the FSIQ because of spoiling either Matrix

Reasoning or Figure Weights). Given its failure to saliently load on any latent factor, its inclusion as a substitute for

Matrix Reasoning or FigureWeights for estimating the FSIQ from a Fluid Reasoning areamay be questionable.

The superiority of general intelligence observed in all four age groups is identical to that found by Canivez et al.

(2016) with the total WISC-V standardization sample and similar to other studies of Wechsler scales using both EFA

and CFAmethods (Bodin et al., 2009; Canivez, 2014a; Canivez &Watkins, 2010a, 2010b; Canivez et al., 2017a; Dom-

browski, Canivez, & Watkins, 2018; Gignac &Watkins, 2013; Lecerf & Canivez, 2017; McGill & Canivez, 2016, 2017;

Nelson et al., 2013;Watkins, 2006; 2010;Watkins&Beaujean, 2014;Watkins et al., 2006, 2013, 2017) and other intel-

ligence tests (Canivez, 2008; Canivez & McGill, 2016; Canivez et al., 2009; Cucina & Howardson, 2017; DiStefano &

Dombrowski, 2006;Dombrowski, 2013, 2014a, 2014b;Dombrowski &Watkins, 2013;Dombrowski et al., 2009;Dom-

browski, Golay,McGill & Canivez, 2018a; Dombrowski,McGill, & Canivez, 2017a, 2017b, 2018b; Dombrowski,McGill,

Canivez & Peterson, 2018c; Nelson & Canivez, 2012; Nelson et al., 2007). These results are also consistent with the

broader professional literature on the importance and dominance of general intelligence (Deary, 2013; Jensen, 1998;

Lubinski, 2000; Ree et al., 2003).

As would be predicted by Frazier and Youngstrom (2007), too little true score variance was associated with the

fourWISC-V group factors, with the possible exception of PS, towarrant confident clinical interpretation (Reise, 2012;

Reise et al., 2013). Gustafsson (1984) noted that, “individual differences in cognitive performance can be understood

in terms of several sources of variance, some of which are broad and some of which are narrow” (p. 67) and Gorsuch

(1983) explained that, “in science, the concern is with generalizing as far as possible and as accurately as possible. Only

when the broad and not so broad generalities do not apply to a given solution does one move to the narrowest, most

specific level of generality” (p. 249). Most of the WISC-V variance was contributed by a broad general factor so the

WISC-V general factor is “of definite interest” (Gorsuch, 1983, p. 253) but the “lower order factors may be of little
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F IGURE 2 Sources of variance for the 16WISCV primary and secondary subtests for the four age groups based on
Schmid and Leiman (1957) orthogonalization of higher-order extraction with four first-order factors (VC, PR,WM, PS)
based on Tables 3, 5, 7, and 9.
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interest” (Wolff & Preising, 2005, p. 50). As pointed out by Cucina and Howardson (2017), such evidence supports

the three-stratum theory proposed by Carroll (1993, 2003) but not the structure advanced by Cattell–Horn, which

ostensibly is a two-stratummodel (no g factor).

Given the absence of important information from theWISC-V Technical and Interpretive Manual as described in the

present study as well as results from Canivez et al. (2016) and Canivez et al. (2017a), researchers and clinicians using

the WISC-V must rely on the extant literature to adequately evaluate which WISC-V scores have sufficient reliabil-

ity and validity for interpretation and use. Numerous studies have published results at odds with those provided in

test technical manuals (cf. Canivez, 2008; Canivez & McGill, 2016; Canivez & Watkins, 2010a, 2010b; DiStefano &

Dombrowski, 2006; Dombrowski, 2013, 2014a, 2014b; Dombrowski et al., 2009; Dombrowski, McGill, & Canivez,

2017a,b; McGill & Canivez, 2017; Watkins, 2006), but such information should have been included in those technical

manuals in the first place.

Researchers and clinicians must rely on more than the test technical manuals to use test scores appropriately as

they bear “the ultimate responsibility for appropriate test use and interpretation” (American Educational Research

Association, American Psychological Association, &National Council onMeasurement in Education, 2014, p. 141). The

present results, in addition to those of Canivez et al. (2016, 2017a), will assist users of theWISC-V to "knowwhat their

tests can do and act accordingly (Weiner, 1989, p. 829).

3.1 Limitations

Correlations provided in the Technical and Interpretive Manual Supplement (Wechsler, 2014c) were analyzed because

NCSPearsondeclined toprovide theWISC-V standardization sample rawdata. Analyticalmethods such as exploratory

structural equation modeling (ESEM; Asparouhov & Muthén, 2009) might be a viable alternative to traditional EFA,

but ESEM requires participant raw data, which were unavailable. Thus, the correlations from the technical manual

were used but are rounded to two decimals and therefore could be less precise than correlations produced from

raw data. However, greater precision would not be warranted by the sample size of each age group (Bedeian, Stur-

man, & Streiner, 2009) and it is unlikely that the present results were substantially impacted by two-digit precision

(Carroll, 1993). Another limitation is that the present study, while informative, may provide results that differ from

those that might be produced by a CFA bifactor model. Reise (2012) indicated that the EFA-based SL procedure pro-

duces an approximate bifactor solution that is a reparameterization of the higher-order structure and contains propor-

tionality constraints (Yung et al., 1999), but the SL procedure is the dominant exploratory approach to assessing bifac-

tor structure in EFA. Use of CFA bifactor modeling as well as examination of factor invariance across these four age

groups will further test the latent structure of theWISC-V and the present results will facilitate plausible CFAmodels

to test invariance examination (Brown, 2015; Carroll, 1998). Such analyses would extend those of Reynolds and Keith

(2017) byexamining invarianceof thebifactor structurewith four group factors rather thanonly the first-order subtest

alignment. Finally, these results may not extend to populations not well represented in the WISC-V normative sam-

ple. For example, profoundly gifted individuals may exhibit meaningful cognitive patterns that do not emerge among

standardization samples (Robertson, Smeets, Lubinski, & Benbow, 2010).

4 CONCLUSIONS

Results from this study provide important considerations for clinical interpretation of scores from the WISC-V. The

results of analyses across the four agegroups support interpretationof thegeneral intelligenceestimate (FSIQ). Lower-

order (index scores) are generally not supported for interpretationwith the possible exception of the PSI. Independent

analyses of the WISC-V failed to support the test publisher's posited five-factor structure. Because there was no evi-

dence for separate Visual Spatial and Fluid Reasoning factors in any of these four age groups or the full standardiza-

tion sample (Canivez et al., 2016, 2017a), the publisher should consider producing revised norms tables for a four-

factor model where the former Perceptual Reasoning factor is estimated in place of separate Visual Spatial and Fluid

WILEY _J__ 



764 CANIVEZ ET AL.

Reasoning factors. The overfactoring of the WISC-V in the WISC-V Technical and Interpretive Manual and factor index

scores for VS and FR will likely result in misinterpretation and errors in clinical decision making (Beaujean, 2015b;

Dombrowski, 2015). As shown in the present study aswell aswith the full standardization sample (Canivez et al., 2016;

2017a;Dombrowski, Canivez,Watkins, &Beaujean, 2015), primary interpretationof theWISC-V should be at theFSIQ

level and consideration of other score interpretations must be made in light of the extremely small portions of true

score variance uniquely captured by the factor index scores.
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